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A risk assessment method for legal contract documents based on
large language models
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This paper proposes a risk assessment method for legal contract documents based on large language models
(LLMs) and retrieval-augmented generation (RAG) . Traditional methods have struggled in adapting to
company-specific standards and addressing lengthy clauses with complex contexts, which limited the accuracy
of risk assessments. The proposed method significantly improves the accuracy of both risk assessment and the
generation of revision proposals by integrating reference information using RAG and combining false negative
reduction with dynamic window size adjustment. This approach is expected to be applicable not only to legal
contract documents but also to specialized documents in other fields.
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Table 2: Overall comparison between ChatGPT and fine-tuned BERT-style models on GLUE benchmark. The
results in green denote that ChatGPT surpasses the BERT-base model by a clear margin (> 2% ( 1) score),
while the red results denote ChatGPT under-performs BERT-base (> 2% ( | ) score)). More specifically, “*”
means that the performance difference between ChatGPT and BERT-base is larger than 10%.
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