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Applying a high-performance and lightweight algorithm to anomaly
detection

— A technology accepted by the international Al conference —
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This paper discusses a new change detection method that is widely applicable to industrial applications and
is even capable of detecting previously unexperienced abnormal conditions. This method does not require pre-
training on data from the target device and can be used immediately as long as you have sensor data and
a computing environment to run the algorithm. Using this method does not require significant computing
resources. Since this algorithm is faster than other technologies in our testbed, it is possible to detect abnormal
conditions among many gigabytes of sensor data. We expect this novel method will be widely adopted alongside

existing anomaly detection methods.
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